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Where art thou, Digital Heritage?



The Recommendation on the Ethics of
Artificial Intelligence (UNESCO, 2021)

identifies safeguarding cultural diversity as a central ethical 
imperative, directly relevant to the recognition and protection 
of cultural data. It calls for integrating diversity, transparency 
and accountability principles across the entire AI lifecycle, 
from data collection and annotation to model training, 
deployment and evaluation.





Who is Building 
AI?
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Swiss AI Initiative

2000
Researchers

10
Academic 
Institutions

100
Affiliated Professors

Enabled by the ALPS 
Supercomputer, distributing 

1020 Mio GPU hours in grants

The Initiative is jointly led by



Swiss National Supercomputing Centre

CSCS develops and operates 
a high-performance computing 
and data research infrastructure 
that supports world-class science 
in Switzerland.



A universe of inquiry

(SNAI programs active in June 2026)



Two sizes: 8B (16GB) and 70B (140GB)
for workstation and cloud deployments

Full transparency
Open model to research and develop future AI systems

Trained on 15T tokens of text data
equivalent to 100M books or 60TB of raw text

Required up to four thousand GPUs 
Training on that scale for ~3 months

Apertus 1.0 Strong English benchmark 
performance within same 
class of fully-open models

  Sept. 2025



Fully Open Meditron: An Auditable Pipeline for Clinical LLMs
Theimer-Lienhard et al. 2026



Apertus 1.1 “Mini”

Three distilled model weights: 0.5B, 1.5B, 4B
16 small models demonstrating quantization techniques.

Multilinguality to go
Benchmarked strong performance, utilizing significantly less 
compute and memory compared to similar-sized models, 

Available now!
Read our paper presented at ICML 2026, download the 
weights for free and test on your devices. 

  June 2026



Apertus 1.5 NEW! 🔜 tech report 

Continued Pretraining: 8B, 70B
Additional high-quality data up-sampling for strategic areas, 
e.g. health, education, justice, for a total of 17T tokens at 70B

Multimodality
Native audio and image input for transcription and captions. 
Improved perceptual specificity, longer context window.

Reinforcement Learning
Improved instruction-following for better tool use, more 
advanced reasoning capabilities, thinking mode.

   July 2026



Why Build Our Own Models?

- Legal necessity: Transparency and alignment to values; responsible AI

- R&D autonomy: Focus on what matters to us
(i.e.: multilinguality, compliance, & local values)

- Scientific integrity: Open data and reproducibility foundational to science

- Deployment control: On-premise, no vendor lock-in, control your data

- Teach the next generation: “What I cannot create, I do not understand”
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Global Representation

1000+ languages in training data.

Data reflects the web distribution 
of languages on the web: 

~60% English web data
~40% non-English web data
(many low-resource languages)
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The Apertus Charter
Model behaviour is trained without 
any direct human feedback

A diversity of strong open-weight 
AI models judge Apertus outputs 
on the basis of the Charter

The charter reflects current view on 
how AI models ought to behave
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Responsible Data Practices

Only public & versioned data
compliant sources, transparent pipeline

Respect AI opt-out preferences
removes 8% English, 4% non-English data

Prevent data memorisation
relevant for content protected by copyright

Filtering for quality and diversity
across data from 1000+ languages

Apertus   Qwen, 
DeepSeek 

Mistral Meta 
Llama

OpenAI 
GPT-4,5 
series

Model Weights
✅ ✅ ✅ ✅ ❌

Inference code
✅ ✅ ✅ ✅ ❌

Training code
✅ 🟠 🟠 🟠 ❌

Training data 
transparency & 
availability

✅ ❌ ❌ ❌ ❌

Open License
✅ ✅ ✅ 🟠 ❌

EU AI Act Art 53 
compliance ✅ ❌ ❌ ❌ ❌



Successfully prevented the 
memorisation of training 
data.

Scientific experiment at 
scale: unable to extract 
realistic control data even 
when repeated 128 times 
with a prefix/prompt of 
5000 tokens.

Effective Memorisation Prevention

8B experiment without 
prevention shows significant 

memorisation
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Apertus 1.5 8B

DEMO



Apertus 1.5 70B

DEMO



Apertus 1.5 70B

DEMO
Mazungumzo ya kwanza - Kiswahili 
by Hinnebusch & Mirza (1979)󰖸



Science & Education Accelerator

Research: 20+ publications produced 
by the Apertus project team

Diverse Thrusts: Architectures, 
optimizers, evaluations, data, …

Training: 100+ students involved

Large-scale AI projects 
enhance research & education

accepted at NeurIPS 2025 

accepted at ICLR 2025 

accepted at COLM 2025 
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Pilots underway in Swiss public institutions:

- Federal Tribunal / GovTech
- UN (UNICC test deployment)
- Canton of Tessin (Artificialy)
- Clinical assistants (Moove)
- Legal assistants (PolyLex)
- Teaching assistants (Ethel)
- Many open source initiatives
- 20+ companies offer support

Supporting the Public Sector
CSI TI / Artificialy



Kindling a Global Community

● 3+ million downloads on Hugging Face 
● 1000+ ❤ likes and ⭐ GitHub stars (thank you!)
● 65 Quantizations, including MLX, GGUF, NVFP4, etc.
● 45 Finetunes with curated datasets and capabilities



Apertus 1.5

Available now from diverse cloud providers 
Swisscom, Infomaniak, PHOENIQS, Featherless, AWS, Azure, …

Supported for local inference in LLM software
vLLM, SGlang, llama.cpp, MLX, Transformers, …

Weights openly available on Hugging Face
For universal deployment under an Apache 2.0 license.

Basic inference hosted by a non-profit public utility
Public AI is building the first AI co-op with Apertus.



Roadmap

Apertus 1.0 ⌾    9.2025

Apertus 1.1 ⌾    5.2026

Apertus 1.5 ⌾    7.2026 

Apertus 2.0 ⌾ Q1 2027

Apertus 2.5 ⌾ Q3 2027

apertus-ai.org/subscribe
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How to unlock insights 

1. Try Apertus!

2. Connect your institution’s data via RAG*, or MCP*

3. If you have lots of data, fine-tune the model with CPT*

4. Once you have open data, contribute it back to Apertus.

Terms of the trade:
* RAG: retrieval-augmented generation, basically a database search
* MCP: model context protocol, a fancy kind of remote procedure call
* CPT: continuous pre-training, one of many fine-tuning techniques



feat. Apertus
workshop



team@apertus-ai.org

Danke, dass du zu uns stossisch!
Gracias por unirse a nosotros!
Дякуємо, що приєдналися до нас!
Aitäh, et liitusid meiega!
Ďakujeme, že ste sa k nám pridali!
Merci d'avoir rejoint notre communauté!
谢谢您加入我们！
Obrigado por se juntar a nós!
Bedankt voor het meedoen!
Tak for at du har sluttet dig til os!
Asante kwa makini yako
Σας ευχαριστούμε που συμμετέχετε!
Dziękujemy za dołączenie do nas!
Спасибо, что присоединились к нам!
Grazie per averci raggiunti!
हमारे साथ जुड़ने के �लए धन्यवाद!
Grazie za s’ünir a nos!
参加していただきありがとうございます
Köszönjük, hogy csatlakozott hozzánk!
Grazie za vus esser cun nus!
참여해 주셔서 감사합니다 !
Ngiyabonga ngokuqaphela kwenu
Hvala što ste nam se pridružili!
Дзякуй, што далучыліся да нас!
Kiitos, että liityit meihin!
Ẹ ṣeun fun ìmọlẹ̀ràn rẹ
Vă mulțumim că ați aderat la noi!
Dziękujemy za dołączenie do nas!
Bedankt voor het meedoen!
!شكراً لانضمامكم إلینا

    Thank you for 

         your ‘sparse’

    Attention 

Are you already building, or planning to 
build on our models? Please let us know:


